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Abstract
Creative writing for large language models
(LLMs) is often treated as synonymous with story
generation, neglecting the distinct structural and
functional constraints of other practically impor-
tant genres. We introduce the Multi-Genre Collec-
tion, a 50K-instance dataset spanning 13 creative
writing genres, designed to broaden coverage be-
yond stories while preserving diversity in themes
and instruction specificity. To construct the
dataset, we propose an attribute-guided query gen-
eration pipeline that transfers topical breadth from
human-authored story prompts into genre-faithful
queries using 5–15 manually curated attributes per
genre. Concretely, we sample few-shot demon-
strations from filtered r/WritingPrompts
and inject genre attributes to control constraint
granularity. One LLM transforms these thematic
seeds into diverse, structure-aware queries, while
a separate generation model produces the corre-
sponding high-quality responses. We confirm bal-
anced genre coverage and clear semantic separa-
tion in the embedding space using t-SNE analyses,
which validates the distinctiveness of the curated
genres. Empirically, models fine-tuned on our
dataset consistently outperform base models and
writing-specialized baselines. Furthermore, we
demonstrate that increasing genre diversity sig-
nificantly boosts output novelty. These results
establish genre diversity as a foundational driver
for robust creative writing capabilities.

1. Introduction
Creative writing stands as one of the most prominent use
cases of large language models (LLMs) (Team, 2025; An
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Figure 1. Overview of our attribute-guided multi-genre generation
framework. A thematic seed is transformed into diverse, genre-
faithful outputs by injecting curated genre attributes, enabling
structured generation across 13 creative writing formats.

et al., 2024), accounting for a substantial portion of real-
world interactions (Appel et al., 2026; Chatterji et al., 2025).
Accordingly, developing high-quality training data for cre-
ative writing has become an important research direction.
Recent efforts have produced datasets such as Writing-
Prompts1, which provides human-authored prompt–story
pairs from Reddit, ROCStories (Mostafazadeh et al., 2016a)
with commonsense story instances, and LitBench (Fein
et al., 2025), which curates pairwise human preference la-
bels for story generation. While these efforts have signifi-
cantly advanced data-driven modeling, evaluation, and align-
ment techniques for story writing, they implicitly equate
creative writing with story generation, leaving many practi-
cally important genres underexplored.

However, real-world creative writing extends far beyond sto-
ries. Real-world creative writing tasks include movie scripts,
TV series outlines, theater dialogue, rap lyrics, game design
documents, character backstories, motivational speeches,
and more. These genres differ not only stylistically but
also structurally and functionally. For instance, rap requires
rhythmic flow and rhyme constraints; TV series writing em-
phasizes episodic arcs and character continuity; and game
design demands system mechanics and player interaction
logic. We argue that a model trained solely on story-centric
data may therefore struggle to generalize across these struc-

1https://www.reddit.com/r/WritingPrompts/
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Figure 2. Attribute-guided query generation pipeline. We sample few-shot examples from existing story prompts to maintain thematic
diversity, randomly sample 1–5 genre-specific attributes to inject structural constraints, and generate multi-genre queries by combining
task instructions, few-shot demonstrations, target genre, and sampled attributes.

turally distinct forms, which fundamentally limits its versa-
tility in production environments.

To address this gap, we present the Multi-Genre Collec-
tion, a 50K-instance dataset spanning 13 genres. We con-
structed this collection based on three core design princi-
ples: (1) genre diversity, ensuring broad coverage across
creative writing formats beyond stories; (2) thematic di-
versity, maintaining topical variety within each genre; and
(3) specification diversity, reflecting the natural variation in
instruction granularity. To effectively operationalize these
principles, we propose an attribute-guided query gener-
ation pipeline, illustrated in Figure 2. This approach syn-
thesizes high-quality queries by anchoring the generation
process in established content while strictly enforcing genre
constraints. Specifically, we ensure thematic richness by
sampling few-shot examples from an existing pool of diverse
story queries, effectively transferring the topical breadth of
human-authored data to new formats. Simultaneously, we
integrate manually curated genre attributes—ranging from
rhyme schemes for rap to narrative arcs for screenplays—to
transform these thematic seeds into structure-aware queries
that capture the unique characteristics of each target genre.

Our experimental results demonstrate the effectiveness of
this approach across multiple dimensions. First, mod-
els fine-tuned on the Multi-Genre Collection substantially
outperform both base models and the writing-specialized
LongWriter-glm4-9B (Bai et al., 2025) baseline, indicating
that diverse, genre-specific training data is more effective
than narrow writing specialization. Second, when compared

against models trained on existing writing datasets such
as DeepWriting-20k (Wang et al., 2026) and LongWriter-
6k (Bai et al., 2025), our dataset yields consistently superior
performance across all benchmarks, with particularly large
gains on Arena Hard. Third, we observe a clear positive
correlation between genre diversity and output novelty: as
the number of training genres increases from story-only to
all 13 genres, the Distinct score (Zhang et al., 2025b) rises
from 3.87 to 4.81, demonstrating that exposure to diverse
creative formats enhances the model’s capacity to produce
varied, non-redundant outputs.

2. Multi-Genre Collection
We introduce the Multi-Genre Collection, an English dataset
spanning 13 creative genres, constructed through the three-
stage pipeline illustrated in Figure 2.

Formally, let (qgenre, y) denote a query–response pair for a
given genre (e.g., qrap = “Write a rap verse about urban
loneliness with an AABB rhyme scheme”). While prior
datasets are heavily concentrated on genre = story, our
goal is to expand coverage to 13 genres by generating new
queries for each target genre via attribute-guided query
generation.

Let X = {(qstoryi , yi)}ni=1 denote few-shot examples sam-
pled from the seed dataset, and let A ⊆ Ag denote a subset
of genre-specific attributes for genre g. We construct a meta-
prompt via a template T and generate queries through an

2
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Attribute-Guided Query Generation Meta-Prompt Tem-
plate

You are a {genre} prompt generator.

{task instruction}
(Guideline: Create distinct scenarios.)

When crafting each prompt, naturally incorporate these
specific dimensions:
{genre attribution}
(0 ∼ len(genre attribute) distinct attributes sampled
specific to the target genre)

Draw thematic inspiration from the examples below,
but reimagine them with new perspectives suitable for
{genre}.
{few shot}
(Sampled from existing Story Generation Query Pool for
thematic variety)

Figure 3. Abstract Structured Meta-Prompt Template.

LLM:
Q = LLM

(
T (genre,X, A)

)
. (1)

The meta-prompt T (genre,X,A) thus serves as the uni-
fied interface that combines thematic seeds from human-
authored data with genre-specific structural constraints to
drive query generation.

2.1. Data Construction

Source Dataset Selection. We choose Reddit’s
r/WritingPrompts as our seed dataset for (qstory, y)
pairs, as it provides human-authored prompts with high
topical diversity and naturally varying levels of specificity.
To ensure quality, we apply two filtering using GPT-5-mini:
(1) safety filtering, which removes 686 instances containing
harmful or inappropriate content, and (2) irrelevant content
removal, which cleans 861 instances of off-topic fragments
(e.g., meta-commentary or subreddit boilerplate), resulting
in a curated pool of X instances from the original 3.8K.
The prompt used for safety filtering and irrelevant content
removal is provided in Appendix C.1.

Step 1: Thematic Seed Sampling. For each template in-
stantiation, we randomly sample n=5 query–response pairs
from the curated seed dataset as few-shot demonstrations
within our prompt template in Figure 3. These examples
provide the generation model with diverse topics and writ-
ing styles, encouraging thematic variety in the generated
queries.

Step 2: Genre Attribute Sampling. Since different gen-
res are governed by distinct structural and functional con-

Algorithm 1 Attribute-Guided Query Generation for Multi-
Genre Datasets
Input: Genre g; seed dataset Dstory of story queries; genre at-
tributes Ag; LLM for generation; template T . Initialize: Gener-
ated query set Qgenerated = ∅
1: Apply safety filtering and irrelevant content removal to Dstory

2: while |Qgenerated| < desired size do
3: // Step 1: Few-Shot Sampling
4: Sample X = {(qstoryi , yi)}5i=1 from Dstory

5: // Step 2: Genre Attribute Sampling
6: Sample k ∼ Uniform(0, |Ag|)
7: Sample A ⊆ Ag uniformly at random with |A| = k
8: // Step 3: Attribute-Guided Query Generation
9: Qbatch ← LLM

(
T (g,X,A)

)
10: for each query q ∈ Qbatch do
11: Generate response y ←Mgen(q)
12: Evaluate quality: score← LLM-Judge(q, y)
13: if score ≥ µ− 2σ then
14: Qgenerated ← Qgenerated ∪ {(qg, y)}
15: end if
16: end for
17: end while
Output: Multi-genre query dataset Qgenerated for genre g.

ventions, we define genre attributes as the key dimensions
along which queries within a genre can meaningfully vary—
for example, rhyme scheme and flow for rap, or narrative
arc and character development for TV series. To ensure
these attributes faithfully capture each genre’s conventions,
we ground them in authoritative sources, including encyclo-
pedic references (e.g., Wikipedia genre definitions), estab-
lished creative writing manuals, and industry-standard for-
matting guidelines. This process yields a manually curated
set Ag of 5–15 attributes per genre g (see Appendix C.3
for the full list). To reflect the natural variation in user in-
struction specificity—from broad, open-ended requests to
highly detailed specifications—we control the number of
attributes included in each query. Specifically, we sample
k ∼ Uniform(0, |Ag|) and then randomly select a subset
A ⊂ Ag with |A| = k. When k = 0, the query remains
open-ended with minimal constraints; as k increases, the
query becomes progressively more constrained with explicit
requirements.

Step 3: Attribute-Guided Pair Synthesis. Given the
few-shot examples and sampled attributes, we prompt
GPT-5-mini (Singh et al., 2025) as a query generator to
generate five queries per template instantiation. To further
promote diversity and mitigate model collapse, we employ
verbalized sampling (Zhang et al., 2025a)—explicitly in-
structing the model to produce outputs that vary in topic,
tone, and structure. We then generate responses for all
queries using Qwen3-235B-A22B-Thinking (Team,
2025). To filter low-quality responses, we also employ
an LLM-as-a-judge (Zheng et al., 2023) approach using
Qwen3-30B-A3B-Instruct to evaluate response qual-
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Figure 4. Genre distribution in the Multi-Genre Collection dataset
(50K instances across 13 genres).

ity and exclude pairs whose scores fall below 2 standard
deviations from the mean.

2.2. Dataset Statistics and Diversity Analysis

As illustrated in Figure 4, our Multi-Genre Collection
achieves balanced coverage across all 13 target genres, with
each category maintaining substantial representation in the
final dataset. To verify that our attribute-guided generation
produces semantically distinct queries across these diverse
formats, we visualize the embedding space using t-SNE in
Figure 5. We encode all queries using Qwen3-Embedding-
0.6B (Zhang et al., 2025c) and project them into a 2D space.
The visualization reveals clear clustering patterns aligned
with different genres, with minimal overlap between clusters.
This spatial separation indicates that each genre maintains
distinctive linguistic and structural characteristics, thereby
validating the effectiveness of our genre-specific attribute de-
sign. Notably, narrative-centric genres (Story, Movie Script,
Theater Dialogue) form neighboring but distinct clusters,
while technical genres (Game Design, Character Design)
and performance-oriented formats (Rap, Lyrics, Motiva-
tional Speech) occupy separate regions of the embedding
space.

These findings, combined with the balanced distribution,
confirm that our generation pipeline successfully produces
diverse, genre-specific queries while maintaining structural
coherence within each category.
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Figure 5. t-SNE visualization of the Multi-Genre Collection show-
ing clear semantic separation across 13 genres, indicating strong
genre distinctiveness in the embedding space.

3. Experiments
3.1. Experimental Setup

Models. We evaluate three base models: Llama-3.1-8B-
Instruct (Llama) (Grattafiori et al., 2024), EXAONE-3.5-
7.8B-Instruct (EXAONE) (An et al., 2024), and Qwen3-
8B (Qwen) (Team, 2025). We fine-tune all models using
Supervised Fine-Tuning (SFT). To ensure computational
efficiency and preservation of pre-trained knowledge, we
utilize LoRA (Hu et al., 2022). As a writing-specialized
model, we include LongWriter-glm4-9B (LongWriter) (Bai
et al., 2025), which is specifically designed for long-form
writing.

Benchmarks. We assess model performance across three
benchmarks: (1) Arena Hard (Creative Writing) (Li et al.,
2025), using only English samples to ensure consistency
with our training data; (2) WritingBench (Wu et al., 2025),
filtering for English samples and focusing on the Advertis-
ing & Marketing and Literature & Arts domains to evaluate
genre-specific creative writing capabilities; and (3) the held-
out test set from our Multi-Genre Collection (Multi-Genre),
which spans all 13 genres and provides a direct measure of
generalization to diverse creative writing tasks. For consis-
tency, all scores are reported on a 100-point scale: Arena
Hard natively operates on this scale, while LLM-as-a-judge
scores (originally on a 1–10 scale) are multiplied by 10.
Detailed evaluation prompt used for this test set is provided
in Appendix C.2. Further implementation details on the
experimental setup are also provided in Appendix B.
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Table 1. Performance comparison between base models, their SFT
variants, and the writing-specialized LongWriter-glm4-9b across
Arena Hard, WritingBench, and the Multi-Genre Collection.

Models Arena Hard WritingBench Multi-Genre

LongWriter 2.3 47.2 49.5
Llama 2.9 43.7 44.4
Llama + SFT 33.0 (+30.1) 60.6 (+16.9) 68.4 (+24.0)

EXAONE 10.4 52.7 64.9
EXAONE + SFT 22.9 (+12.5) 59.4 (+6.7) 66.2 (+1.3)

Qwen3 8.0 56.1 67.7
Qwen3 + SFT 34.2 (+26.2) 63.6 (+7.5) 69.3 (+1.6)

Table 2. Comparison with existing writing data.

Data Arena Hard WritingBench Multi-Genre

DeepWriting 2.7 53.8 54.7
LongWriter 7.8 56.3 64.5
Multi-Genre 34.2 63.6 69.3

3.2. Experimental Results

Overall Performance. Table 1 shows that all three base
models demonstrate substantial improvements after SFT on
our Multi-Genre Collection. On out-of-distribution bench-
marks, Qwen3-8B + SFT achieves the largest gains, with
Llama and EXAONE showing similarly consistent improve-
ments. The in-distribution Multi-Genre column further
confirms balanced coverage across all 13 genres. Notably,
all fine-tuned models significantly outperform the writing-
specialized LongWriter-glm4-9B baseline, confirming that
diverse, genre-specific data is more effective than narrow
writing specialization.

Comparison with Existing Writing Datasets. As shown
in Table 2, Qwen3-8B fine-tuned on Multi-Genre Collection
substantially outperforms models trained on DeepWriting-
20k (Wang et al., 2026) and LongWriter-6k (Bai et al.,
2025) across all benchmarks, with particularly large gains
on Arena Hard, demonstrating that our attribute-guided
pipeline produces higher-quality, more transferable training
data.

Impact of Genre Diversity. To examine whether expo-
sure to diverse genres generalizes to broader creative ability,
we evaluate outputs using the NoveltyBench Distinct met-
ric (Zhang et al., 2025b), which partitions generations into
semantically and functionally equivalent clusters to esti-
mate output distinctness. As shown in Table 3, the novelty
score rises monotonically as the number of training gen-
res increases from 0 to 13, confirming that diverse creative
formats directly enhance the model’s capacity to generate
varied, non-redundant outputs.

Table 3. Effect of genre count on distinctness. As the number of
genres increases, distinctness improves.

# Genres 0 4 8 12 All

Distinct (↑) 3.87 3.93 4.26 4.56 4.81

Table 4. Evaluation results on WritingBench using independent
judges.

Judge GPT-5-mini DeepSeek v3.2 Gemini 3 Flash

LLaMA 43.7 36.6 41.7
LLaMA+SFT 60.6 63.1 70.5
Qwen 56.1 51.5 58.5
Qwen+SFT 63.6 65.9 71.5

Table 5. Human evaluation on Arena-Hard 2.0 prompts.

Data Multi-Genre LongWriter DeepWriting

Human Eval 63.5 54.5 32.0

Robustness to Judge Identity. To address potential self-
preference bias from GPT-5-mini serving as both query
generator and judge, we re-evaluate on WritingBench using
DeepSeek-v3.2 and Gemini-3-Flash as independent judges
(Table 4). All fine-tuned variants strictly outperform their
base models across all three evaluators, confirming that
performance gains reflect genuine quality improvements
rather than evaluator artifacts. We further validate with
human evaluation by randomly sampling 50 prompts from
Arena-Hard 2.0 and scoring model outputs following the
Arena-Hard 2.0 protocol (Table 5), which corroborates these
findings.

Qualitative Analysis. Figure 6 compares outputs from
Llama (base) and Llama + SFT on a song lyrics prompt
from Arena Hard requesting symphonic metal deathcore
lyrics formatted for the Suno platform. The base model
produces abstract lyrics without a title, named characters,
or Suno-compatible formatting. In contrast, the SFT model
generates a composition titled ASCENDANCE with a con-
crete setting (Aethel), named characters (Elara), specific
spells (Lumen, Nexus, Void), and section-level timestamps—
demonstrating that multi-genre training improves world-
building specificity, format compliance, and narrative coher-
ence.

4. Related Work
The development of high-quality datasets has been cen-
tral to advancing creative writing capabilities in language
models. Early efforts focused almost exclusively on story
generation. The WritingPrompts dataset (Fan et al., 2018)
collected human-authored prompt–story pairs from Red-
dit, providing diverse story premises at scale. ROCSto-
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Prompt: Write me the lyrics for a symphonic metal deathcore song about a young wizard growing in power and slowly being corrupted. . . Make the song very
detailed and story driven. . . Song will be made in Suno so format it with that in mind. 3000 characters max

Llama (Base)

Verse 1 (Guitar: Palm-muted, driving rhythm)
In hallowed halls of ancient lore / A young apprentice, I walked before /
Masters of the arcane, guiding my hand / Unleashing power, from a mystic
land

Chorus (Orchestral strings, soaring vocals)
I rise, a phoenix, from the ashes born / As knowledge grows, so does the
darkness sworn / In the depths of power, I lose my way / A wizard’s curse,
that seals my fate today

Verse 2 (Guitar: Aggressive, chugging riffs)
Through tomes of forbidden knowledge, I delve / Unlocking secrets, that
the ancients conceal / The thrill of discovery, a siren’s call. . .

Bridge (Atmospheric, ambient pads)
In the mirror’s gaze, a stranger’s eyes / Reflect the soul, of a heart that’s
died / The weight of power, a crushing stone. . .

Outro (Haunting, atmospheric arpeggios)
In the end, I’m left with nothing but ash / A legacy of darkness, forever to
last / The price of power, a soul forever lost / A young wizard’s tale, of a
tragic, fatal cost.

Llama + SFT

ASCENDANCE (Suno Format – 3000 Char Limit)

Intro: Haunting Cello & Harp – 0:00–0:45
In twilight halls of Aethel, where shadows learn to speak. . . / He traced
the glyphs of fire, with trembling, burning hand. . .

Verse 1: Pulsing Drums, Shredding Guitars – 0:46–1:30
He mastered the Lumen spell, a sunbeam in his palm. . . / Wove Aero
currents, danced upon the wind’s command. . . / The Verdant incantation,
made the barren earth bloom. . .

Pre-Chorus: Soaring Choir – 1:31–1:55
But power’s a thief in the night. . . it whispers sweet deceit. . .

Bridge: Solo Piano – 4:36–5:10
He sees Elara’s smile. . . in the mirror’s cold stare. . . / The child he once
protected. . . now trembles with fear. . .

Outro: Crushing Riffs, Shattering Glass – 5:11–6:00
Elara screams his name. . . as the sky turns to fear. . . / “You were the
light. . . now you are the stain. . . ” / ASCENDANCE. . . is just a word. . .
for the love that’s gone. . .

Figure 6. Qualitative comparison of Llama (base) vs. Llama + SFT on an Arena Hard song lyrics prompt. Red highlights SFT-
distinctive features: title, world-building, Suno timestamps, and named characters.

ries (Mostafazadeh et al., 2016b) introduced a corpus of
five-sentence commonsense stories designed to evaluate nar-
rative understanding and coherent story completion. More
recently, LitBench (Fein et al., 2025) curated pairwise hu-
man preference labels for story generation, enabling reliable
evaluation of creative writing quality through preference-
based comparisons. LiteraryTaste (Chung et al., 2025) fur-
ther enriched the landscape by constructing a preference
dataset specifically targeting writing personalization. Be-
yond story-centric datasets, several efforts have targeted
specific creative genres in isolation. SongComposer (Ding
et al., 2024) built a paired lyric-melody dataset for music
generation, while Mirowski et al. (2023) explored screen-
play and theatre script writing through co-writing experi-
ments with language models. EssayBench (Gao et al., 2025)
proposed a multi-genre Chinese essay benchmark spanning
diverse essay types. In contrast to these prior works, the
Multi-Genre Collection addresses the field’s collective blind
spot in a unified framework. While existing datasets ei-
ther focus narrowly on a single genre or target non-English
settings, our collection spans 13 diverse English creative
genres within a single, cohesive resource. More critically,
we propose a principled attribute-guided query generation
pipeline that simultaneously controls for genre diversity,
thematic breadth, and instruction granularity—dimensions
that no existing dataset addresses jointly.

5. Conclusion
We introduce the Multi-Genre Collection, a 50K-instance
dataset spanning 13 creative writing genres, designed to
address the narrow focus on story generation in exist-

ing datasets. Through our attribute-guided query gener-
ation pipeline, we transfer thematic diversity from human-
authored prompts while enforcing genre-specific constraints
via manually curated attributes. Our experiments demon-
strate three key findings: (1) models fine-tuned on our
dataset substantially outperform both base models and
writing-specialized baselines; (2) our dataset consistently
yields superior performance compared to existing writing
datasets; and (3) increasing genre diversity directly enhances
output novelty, with Distinct scores rising from 3.87 to 4.81.
These results establish genre diversity as a critical factor for
developing robust creative writing capabilities in large lan-
guage models. By broadening the scope beyond stories to
diverse formats such as rap, screenplays, and game design,
our work paves the way for more comprehensive training
and evaluation of creative writing systems.

Limitations
Despite broadening coverage to 13 genres, creative writ-
ing is inherently open-ended, and some niche or emerging
formats are not included. However, our attribute-guided
framework is modular and can be extended to additional
genres. Our pipeline relies on LLM-based generation and
manually curated attributes, which may introduce subtle
biases from seed data or generation models. We partially
mitigate this through filtering, cross-model generation, and
diversity-promoting strategies, though minor artifacts may
remain.
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A. The Use of Large Language Models
We write the manuscript ourselves and an LLM (ChatGPT) is used solely for refinement—style, clarity, and grammar. It is
not used for ideation or content generation.

B. Experimental Details
B.1. Training Configuration

All models are fine-tuned using LlamaFactory (Zheng et al., 2024) with LoRA adaptation. We apply LoRA modules to all
transformer layers with a rank of 128. The cutoff length is set to 4096 tokens, and we train for 2 epochs with a learning rate
of 1.0× 10−5, a warmup ratio of 0.1, and a global batch size of 128.

B.2. Benchmark Evaluation

Arena Hard. We use Arena Hard version 2.0, filtering for instances with category = creative writing. Follow-
ing the original implementation, we employ GPT-4.1 as the judge model to compare model outputs against reference
answers.

WritingBench. We evaluate on English samples from the Advertising & Marketing and Literature & Arts domains. Model
outputs are assessed using GPT-5-mini as the judge model.

Multi-Genre Collection Test Set. For our own benchmark, we use responses generated by
Qwen3-235B-A22B-Thinking as reference answers. We employ GPT-4.1 as the judge model to rate each
model output on a 1–10 scale, measuring how well it compares to the reference in terms of quality, creativity, and adherence
to genre-specific requirements.

C. Prompt Templates
C.1. Safety Filtering and Irrelevant Content Removal

We perform safety filtering and irrelevant content removal using the prompt shown in Figure 8.

C.2. Multi-Genre Test Set Evaluation Prompt

The prompt used to evaluate the Multi-Genre test set is shown in Figure 9.

C.3. Genre-Specific Attributes

Figure C.3 illustrates the genre-specific attributes used in our framework.

Attribute List Prompt

Prompt
The following variables define attribute checklists for different creative artifacts.

story attributes:
• Genre & Tone: Atmosphere, mood, emotional register, etc.
• POV: Narrative perspective and distance, etc.
• Structure: Timeline, pacing, scene flow, etc.
• Characters: Count, relationships, dialogue/thought balance, etc.
• Style: Action-to-description ratio, sensory detail, figurative language, etc.

poem attributes:
• Genre & Tone: Poetic category or mode (lyric, narrative, dramatic, epic, etc.); overall emotional atmosphere, tonal shifts, and

consistency of mood.
• Form & Structure: Poetic form (sonnet, free verse, haiku, etc.); stanzaic arrangement, lineation, enjambment, repetition, and

progression of imagery or ideas.

9



Multi-Genre Collection: Scaling Creative Writing Beyond Story-Centric Data

• Voice & POV: Speaker identity and perspective; distance between poet, speaker, and reader; use of persona or multiple voices;
intimacy and emotional stance.

• Sound & Rhythm: Meter, cadence, rhyme scheme, alliteration, assonance, consonance, and overall musicality; how sound
patterns reinforce meaning or emotion.

• Imagery & Symbolism: Sensory detail, figurative language (metaphor, simile, personification, etc.), recurring symbols, and
the way images build emotional or thematic resonance.

• Theme & Meaning: Central ideas, philosophical or emotional core, subtext, moral or existential questions; evolution of
meaning through the poem’s progression.

• Language & Diction: Word choice, register, syntax, concision or excess, ambiguity, and texture of language; interplay between
denotation and connotation.

• Pacing & Movement: Flow between lines and stanzas, pauses and breaks (caesura, enjambment), rhythmic tension and release,
and narrative or emotional trajectory.

• Emotion & Affect: The emotional journey for both speaker and reader; how tone, imagery, and rhythm evoke and modulate
feeling.

• Style & Voice: Distinctive stylistic fingerprint—clarity vs. abstraction, irony vs. sincerity, density of imagery, and authorial or
era-specific voice.

lyrics attributes:
• Genre & Tone: Musical style, emotional atmosphere, mood shifts, sincerity vs. irony, playfulness vs. gravity, and tonal

consistency or contrast.
• Structure & Form: Verse-chorus arrangement, bridge placement, pre-chorus usage, repetition patterns, stanza length, rhyme

scheme (ABAB, AABB, etc.), and structural variations or breaks.
• Voice & Perspective: First-person, second-person, third-person, or shifting POV; direct address vs. observational stance;

persona or character adopted by the speaker.
• Imagery & Figurative Language: Use of metaphor, simile, symbolism, personification; sensory details (visual, auditory,

tactile); concrete vs. abstract language; and vividness of imagery.
• Rhythm & Sonic Quality: Syllable count, meter, cadence, internal rhyme, alliteration, assonance, consonance; how lyrics

sync with melody; breathability and singability.
• Theme & Message: Central ideas, emotional core, social commentary, personal reflection, storytelling intent, and underlying

meaning or subtext.
• Narrative & Storytelling: Presence of plot or characters, chronological vs. fragmented storytelling, scene-setting, and narrative

arc or resolution.
• Wordplay & Craft: Clever phrasing, double meanings, puns, cultural references, vocabulary range (colloquial vs. poetic), and

lyrical complexity or simplicity.
• Repetition & Hook: Use of refrains, memorable lines, earworm potential, and how repetition reinforces theme or emotion.
• Emotional Arc & Dynamics: Progression of feeling throughout the song, tension and release, vulnerability vs. strength, and

emotional payoff.

movie script attributes:
• Genre & Tone: Emotional atmosphere, thematic flavor, overall mood, and tonal consistency throughout the script.
• Structure & Pacing: Act divisions (3-act or alternative), plot points, rhythm of tension and release, scene sequencing, narrative

momentum, and buildup/payoff patterns.
• Characterization & Dialogue: Character arcs, relationships, motivations, subtext; balance between spoken lines, silence, and

action-driven characterization; distinctive voice and rhythm.
• Visual Storytelling & Cinematic Flow: Use of cinematic imagery, blocking, stage direction, description density, visual

readability, shot rhythm potential, and how the script translates to screen.
• Conflict & Stakes: Core dramatic question, layers of internal and external conflict, and how stakes evolve or escalate.
• Theme & Message: Underlying ideas, motifs, or moral questions that drive the story’s deeper meaning.
• POV & Focus: Point of view (omniscient, limited, alternating), emotional distance from characters, and audience alignment.
• Scene Dynamics: Scene purpose, transitions, interplay between exposition, tension, and release.
• Style & Voice: Distinctive narrative voice, use of humor or symbolism, and overall screenwriting flair.

srap attributes:
• Genre & Tone: Sub-style (boom bap, trap, drill, conscious, battle, experimental); emotional atmosphere (aggressive, reflective,

playful, defiant); sincerity vs. irony; balance between swagger, humor, and intensity; tonal evolution through the track.
• Flow & Delivery: Rhythm, cadence, and syllabic density; syncopation and off-beat phrasing; use of pauses and breath control;

vocal tone, emphasis, dynamics, and personality; charisma, confidence, and emotional projection in performance.
• Structure & Form: Arrangement of intro, verses, hooks, bridges, outros; use of breakdowns or beat switches; bar count per

section (16-bar verse, 8-bar hook); patterns of repetition; freestyle vs. written structure.
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• Rhyme & Wordplay: Complexity of rhyme schemes (multisyllabic, slant, internal, compound); punchlines, puns, double
entendres; alliteration, assonance, consonance; creative phrasing and manipulation of language.

• Lyrics & Content: Central themes (identity, struggle, power, success, politics, humor); narrative presence or concept;
storytelling vs. abstract expression; emotional depth vs. bravado; authenticity of voice.

• Flow–Beat Relationship: How the rapper interacts with the instrumental (pocketing, anticipation, syncopation); contrast or
complement between vocal rhythm and percussion; adaptability to beat changes or tempo shifts.

• Persona & Voice: Character, attitude, and stance adopted; first-person vs. collective or third-person perspective; consistency of
persona; rhetorical stance (preacher, philosopher, rebel, clown); emotional transparency vs. performative mask.

• Sound & Sonic Texture: Timbre of voice; layering, ad-libs, harmonics, background vocals; mixing of vocal tracks; production
texture (sample-based, synthetic, lo-fi, polished); interplay of vocal tone and instrumental mood.

• Cultural & Contextual Layer: References to social, political, cultural realities; authenticity and locality (slang, dialect,
region); intertextual nods to hip-hop history; commentary on fame, race, gender, power; placement within hip-hop tradition or
innovation.

• Hook & Memorability: Construction of refrains or catchphrases; melodic or rhythmic hooks; repetition strategy; call-and-
response potential; how the hook reinforces theme or emotion; overall memorability and live-readiness.

• Emotional & Narrative Arc: Progression of tension, tone, and confidence across verses; climaxes and resolutions; emotional
pay-off or transformation; contrast between beginning and ending states; overall energy arc across the track.

character design attributes:
• Physical Design & Appearance: Visual presentation, distinctive features, costume/clothing choices, color palette, silhouette

recognition, age indicators, body language, and how appearance reflects personality or role.
• Personality & Psychology: Core traits, temperament, values, beliefs, fears, desires, contradictions, emotional range, consistency

vs. complexity, and psychological depth or archetypal simplicity.
• Backstory & History: Past experiences, origin, formative events, trauma or triumph, family background, cultural context, and

how history shapes present behavior and motivations.
• Goals & Motivations: Driving desires, immediate objectives, long-term aspirations, internal vs. external goals, conflicting

motivations, and what the character wants vs. needs.
• Relationships & Dynamics: Connections to other characters, relationship arcs, power dynamics, alliances and rivalries,

romantic interests, mentors/students, and social positioning within the narrative world.
• Character Arc & Development: Growth trajectory, transformation or stasis, challenges faced, lessons learned, regression or

progression, turning points, and whether the arc is redemptive, tragic, or circular.
• Voice & Dialogue Style: Speech patterns, vocabulary, accent or dialect, verbal tics, formality level, humor style, and how they

express themselves differently in various situations.
• Skills & Abilities: Competencies, talents, weaknesses, learning curve, expertise areas, combat or magic systems (if applicable),

and how abilities tie to identity or plot function.
• Role & Function: Protagonist, antagonist, mentor, comic relief, foil, catalyst; narrative purpose; whether they drive plot or

serve thematic functions; archetypal role.
• Moral Alignment & Ethics: Value system, ethical boundaries, willingness to compromise, gray areas, heroic vs. villainous

qualities, and moral complexity or simplicity.
• Medium-Specific Execution: For novels—internal monologue depth, description balance; for film/TV—actor embodiment,

visual storytelling; for games—player agency, customization options, dialogue trees; for comics/manga—panel presence, visual
expressiveness.

• Cultural & Symbolic Dimensions: Cultural representation, stereotypes avoided or invoked, symbolic meaning, thematic
embodiment, and what the character represents beyond themselves.

• Memorability & Iconicity: Distinctive hooks, quotability, visual or behavioral signatures, fan engagement potential, and
lasting impression factors.

• Consistency & Believability: Internal logic, behavioral consistency, justified exceptions, realistic responses to situations, and
balance between predictability and surprise.

game design attributes:
• Core Mechanics & Systems: Rule sets, core gameplay loops, action-consequence relationships, resource management,

progression systems, difficulty scaling, and mechanical depth vs. accessibility balance.
• Player Agency & Choice: Meaningful decision-making opportunities, branching paths, consequence visibility, player

expression freedom, constraint design, and the balance between guidance and autonomy.
• Challenge & Difficulty: Learning curve design, skill ceiling and floor, failure states and retry mechanics, difficulty modes or

adaptive systems, challenge pacing, and risk-reward balance.
• Feedback & Communication: UI/UX clarity, audio-visual feedback systems, tutorial and onboarding design, information

hierarchy, player goal communication, and system transparency vs. mystery.
• Narrative Integration: Story delivery methods (environmental, cutscenes, emergent), ludonarrative harmony or dissonance,
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player role in narrative, world-building techniques, and narrative pacing vs. gameplay pacing.
• Spatial & Level Design: Environment layout, navigational flow, landmark and waypoint design, spatial storytelling, exploration

incentives, and architectural purpose (combat arenas, puzzle spaces, narrative zones).
• Aesthetic & Atmosphere: Art direction, color palette, sound design, musical scoring, visual clarity vs. artistic expression,

thematic cohesion, and emotional tone setting.
• Player Motivation & Engagement: Intrinsic vs. extrinsic reward structures, goal-setting mechanisms, achievement systems,

discovery and surprise elements, replay value design, and player investment hooks.
• Social & Multiplayer Dynamics (if applicable): Cooperation vs. competition balance, communication tools, social interaction

design, community features, matchmaking systems, and player behavior incentives.
• Accessibility & Inclusivity: Control customization, difficulty accommodations, sensory alternatives (subtitles, colorblind

modes), input flexibility, and barrier reduction for diverse player needs.
• Economy & Progression: Experience and leveling systems, currency and trade mechanics, unlock structures, power curve

design, grind vs. reward balance, and monetization integration (if applicable).
• Innovation & Convention: Genre adherence vs. subversion, mechanical originality, quality-of-life features, industry standard

expectations, and creative risk-taking vs. familiarity.

tv series attributes:
• Genre & Tone: Type of series (drama, comedy, thriller, sci-fi, etc.); overall mood and emotional register; tonal consistency or

shifts across episodes or seasons; balance of realism vs. stylization; interplay of humor, tension, and pathos.
• Narrative Structure & Pacing: Season and episode structure; serialized vs. episodic storytelling; pacing within and across

episodes; use of cliffhangers, flashbacks, or parallel timelines; rhythm of plot progression and emotional arcs.
• World-Building & Setting: Level of immersion and detail in the setting; temporal and geographic scope; rules and logic of the

fictional world; sociocultural and political context; integration of environment into character and plot development.
• Characters & Relationships: Range and depth of main and supporting characters; development arcs; relational dynamics and

conflicts; dialogue realism and subtext; presence of ensemble balance or central protagonist focus; representation and diversity.
• Theme & Subtext: Central ideas and recurring motifs; social, moral, or philosophical commentary; subtextual tensions (e.g.,

identity, power, morality); symbolic or allegorical layers; evolution of thematic material over time.
• Cinematography & Visual Style: Camera work, framing, lighting, color palette, and visual motifs; consistency of visual

language; symbolic use of composition; aesthetic tone (gritty, polished, surreal, documentary, etc.); how visuals support
emotion and narrative.

• Editing & Narrative Rhythm: Scene transitions and temporal flow; cross-cutting, montage, and juxtaposition techniques;
pacing of visual storytelling; continuity vs. fragmentation; use of rhythm to enhance tone or tension.

• Sound & Music Design: Score and soundtrack function; diegetic vs. non-diegetic sound; use of silence and ambient sound;
audio motifs tied to characters or themes; alignment of musical tone with emotional or narrative beats.

• Dialogue & Writing Style: Voice authenticity; linguistic tone and rhythm; use of wit, subtext, or exposition; writing economy
and balance between show-and-tell; distinctive speech patterns for characters; stylistic trademarks of the writers.

• Direction & Performance: Acting quality and consistency; chemistry among cast; directorial interpretation and tone
management; visual and emotional coherence across directors or showrunners; performance nuance and authenticity.

• Production Design & Costuming: Set, props, wardrobe, and makeup as storytelling tools; historical or genre accuracy; visual
symbolism in design choices; how aesthetic elements reflect character psychology or thematic resonance.

• Audience Engagement & Reception: Emotional impact, rewatchability, and fandom dynamics; critical vs. popular response;
cultural relevance and influence; use of cliffhangers or mysteries to sustain attention; viewer identification and empathy.

• Cultural & Contextual Relevance: Reflection of contemporary social issues; representation politics; commentary on cultural
narratives or media tropes; evolution of audience expectations; intertextual references and meta-commentary.

• Series Cohesion & Evolution: Narrative and stylistic consistency across seasons; adaptation to shifts in tone, cast, or direction;
resolution quality; balance between innovation and continuity; long-term payoff of arcs and themes.

derivative work attributes:
• Source Relationship: Degree of transformation or reinterpretation of the original work; faithfulness vs. innovation; how much

the derivative depends on source context.
• Medium & Form Shift: Changes in artistic medium (e.g., novel to film, song to visual art) and how form alters meaning,

pacing, or sensory experience.
• Thematic Continuity & Divergence: Retained, expanded, or subverted themes; how core ideas evolve or take on new

significance.
• Tone & Mood Adaptation: Consistency or contrast in emotional tone between original and derivative; how mood is

recontextualized or intensified.
• Character or Motif Transformation: Reimagining of characters, symbols, or recurring motifs; shifts in perspective, motivation,

or narrative function.
• Structural Adaptation: How narrative or compositional structure changes; compression, expansion, or rearrangement of

12



Multi-Genre Collection: Scaling Creative Writing Beyond Story-Centric Data

elements.
• Audience & Intent: New target audience, interpretive stance, or creator’s purpose in adaptation; homage, critique, parody, or

expansion.
• Intertextuality & Reference: Explicit or implicit references to the source; use of quotation, allusion, or meta-commentary.
• Cultural & Temporal Reframing: How shifts in culture, time, or setting alter meaning; modernization, localization, or

historical reinterpretation.
• Aesthetic & Stylistic Translation: Preservation or transformation of artistic style, tone, rhythm, or imagery across media.
• Originality & Authorship: Balance between borrowed and original material; creative agency and ethical boundaries of

adaptation.
• Emotional Resonance & Impact: Comparative emotional effect; how the derivative amplifies, contrasts, or complicates the

original’s emotional core.

podcast attributes:
• Format & Structure: Episode type (interview, solo, co-hosted, narrative, roundtable), segment organization, intro/outro

placement, ad break positioning, and overall flow.
• Host Voice & Persona: Tone (conversational, authoritative, intimate, humorous), personality projection, relatability, authentic-

ity, and consistency of character.
• Conversational Dynamics: Turn-taking patterns, interruption style, back-and-forth rhythm, active listening cues, and natural

vs. scripted feel.
• Pacing & Timing: Episode length considerations, beat distribution, momentum building, strategic pauses, topic transition

speed, and energy fluctuations.
• Audio-Specific Elements: Stage directions for sound effects, music cues, vocal emphasis indicators, breath marks, laugh lines,

and production notes.
• Content Depth & Research: Fact density, source citation approach, expertise demonstration, preparation level, and balance of

depth vs. accessibility.
• Audience Engagement: Direct address frequency, question-posing, call-and-response elements, community references, listener

interaction prompts, and inclusive language.
• Storytelling Techniques: Anecdote placement, narrative hooks, cliffhangers, scene-setting, character development (for

narrative podcasts), and dramatic tension.
• Language & Register: Formality level, jargon usage, code-switching, colloquialisms, verbal tics, filler words (strategic or

natural), and vocabulary accessibility.
• Topic Development: Argument structure, idea progression, tangent management, callback usage, thematic threading, and

point-of-view clarity.
• Humor & Personality: Joke placement, comedic timing notes, banter style, wit vs. slapstick, self-deprecation, and tonal

lightness vs. seriousness.
• Educational Intent: Explanation clarity, analogy usage, complexity scaffolding, recap frequency, and knowledge assumption

about audience.
• Emotional Resonance: Vulnerability moments, empathy building, emotional authenticity, tonal warmth, and connection-

building strategies.
• Technical Craft: Readability for voice, breath phrase length, tongue-twister avoidance, phonetic clarity, and ease of delivery.
• Structural Signposting: Episode roadmapping, segment announcements, time markers, topic previews, and navigation aids for

listeners.

theater dialogue attributes:
• Genre & Tone: Overall dramatic style (tragedy, comedy, realism, absurdism, etc.), mood, emotional intensity, and tonal

consistency or contrast throughout the dialogue.
• Structure & Pacing: Scene organization, rhythm of exchanges, use of pauses and silences, escalation and release of tension,

and progression of dramatic beats.
• Characterization & Relationships: How dialogue reveals character traits, motivations, power dynamics, emotional undercur-

rents, and interpersonal conflicts or alliances.
• Voice & Language Style: Distinctiveness of each character’s speech patterns, diction, register (formal vs. colloquial), idiomatic

expressions, and subtext through tone or delivery.
• Conflict & Tension: Sources of dramatic conflict (internal or external), how tension is built and sustained through dialogue,

and resolution or lack thereof.
• Subtext & Implication: What is unsaid or implied beneath the surface of the dialogue, use of irony, double meanings, and

layered communication between characters.
• Rhythm & Timing: Verbal pacing, use of interruptions, overlaps, comedic timing, and how rhythm supports emotional or

thematic beats.
• Theme & Message: Underlying ideas or philosophical questions explored through dialogue, moral dilemmas, and reflections
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on society, identity, or human nature.
• Staging & Performative Potential: How dialogue interacts with physical movement, gestures, stage directions, and spatial

dynamics to enhance meaning and emotion.
• Emotional Arc & Transformation: Development of emotional states within the dialogue, turning points, revelations, and

shifts in power or understanding between characters.

speech attributes:
• Purpose & Intent: Primary goal (inspire, challenge, comfort, activate), target audience, desired behavioral or emotional

outcome, and specificity of call-to-action.
• Tone & Emotional Register: Energy level (high-intensity vs. calm reassurance), sincerity vs. performance, warmth vs.

authority, urgency vs. patience, and tonal consistency or strategic shifts.
• Structure & Organization: Opening hook strength, logical flow of ideas, use of setup-payoff patterns, climactic moments,

transitional phrases, and conclusion effectiveness.
• Rhetorical Devices: Use of repetition (anaphora, epistrophe), parallelism, rhetorical questions, rule of three, antithesis,

metaphor, and other persuasive techniques.
• Voice & Perspective: First-person credibility building, second-person direct address, inclusive ‘we’ usage, personal story vs.

universal truth balance, and speaker persona (coach, mentor, peer, authority).
• Evidence & Support: Use of personal anecdotes, statistics, quotes from others, historical examples, hypothetical scenarios,

and balance between emotional and logical appeals.
• Language & Diction: Vocabulary complexity, conversational vs. formal register, use of power words, concrete vs. abstract

language, and cultural or contextual references.
• Pacing & Rhythm: Sentence length variation, strategic pauses, momentum building, speed of delivery indicators, and

breathability of language.
• Emotional Arc: Emotional journey design, pain point acknowledgment, hope injection timing, tension and release patterns,

and crescendo placement.
• Authenticity & Credibility: Vulnerability vs. strength balance, relatability markers, expertise demonstration, admission of

struggle or failure, and trust-building elements.
• Call-to-Action: Clarity and specificity, timing within speech, actionability level, inspirational vs. practical balance, and

empowerment messaging.
• Imagery & Visualization: Use of vivid descriptions, future-pacing techniques, sensory language, metaphorical journeys, and

mental picture creation.

magazine attributes:
• Publication Type & Format: Frequency (weekly, monthly, quarterly), print vs. digital, size/dimensions, page count range,

binding style, and overall physical presentation or digital interface.
• Editorial Focus & Niche: Subject matter specialization (news, lifestyle, trade, academic, etc.), target demographic, geographic

scope, and editorial mission or positioning.
• Visual Design & Layout: Typography choices, grid systems, white space usage, image-to-text ratio, color palette, cover design

philosophy, and consistency of visual identity across issues.
• Content Structure & Organization: Section breakdown (departments, features, columns), front-of-book vs. back-of-book

content, table of contents design, navigation aids, and content hierarchy.
• Article Types & Mix: Balance of long-form features, short news items, profiles, reviews, opinion pieces, service journalism,

and recurring columns; editorial calendar patterns.
• Voice & Editorial Tone: Authoritative vs. conversational, formal vs. casual, objective vs. subjective, aspirational vs. accessible,

and consistency across different sections.
• Photography & Illustration: Style of imagery (documentary, stylized, conceptual), commissioned vs. stock, illustration usage,

photo editing approach, and visual storytelling techniques.
• Advertising Integration: Ad-to-editorial ratio, advertorial presence, ad placement strategy, visual distinction between ads and

content, and sponsor relationships.
• Audience Engagement: Letters to the editor, reader submissions, interactive elements, social media integration, community-

building features, and reader service components.
• Writing Style & Quality: Sentence structure complexity, vocabulary level, reporting depth, fact-checking rigor, use of sources,

and overall journalistic or creative standards.
• Thematic Consistency: Recurring topics or angles, seasonal patterns, ideological perspective or bias, cultural values reflected,

and editorial point of view.
• Masthead & Contributors: Editorial team structure, staff vs. freelance writer ratio, contributor diversity, editor’s letter

presence, and editorial leadership style.

Figure 7. The full prompt containing genre-specific attribute lists for multiple creative artifact types.
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Safety and Irrelevant Content Analysis Prompt

Task
Analyze the given topic and body for safety issues and irrelevant content.

Safety Check
Flag content as unsafe (is safe: False) ONLY if it contains explicit:

• Hate speech or harassment
• Graphic violence or harm instructions
• Sexual exploitation content
• Self-harm/suicide encouragement
• Dangerous illegal activity instructions

Be lenient—only flag truly dangerous content.

Irrelevant Content Check
Identify and remove ONLY content completely unrelated to the main writing, such as:

• Author self-promotions (e.g., “check out my other stories at...”)
• External links to personal sites/subreddits
• Signature blocks or footnotes promoting other work
• Separators (like “ ”) followed by promotional text

Preserve all story content, dialogue, and narrative elements intact.

Output Format
{

"is_safe": true/false,
"has_irrelevant_content": true/false,
"refined_topic": "cleaned topic if safe but has irrelevant content, else empty string",
"refined_body": "cleaned body if safe but has irrelevant content, else empty string"

}

Rules
• If content is safe AND has no irrelevant content: both refined fields = ””
• If unsafe: refined fields = ”” (content should not be processed)
• If safe BUT has irrelevant content: provide cleaned versions in refined fields
• CRITICAL: Keep original content exactly as-is. Only DELETE irrelevant parts. Do not add, edit, rephrase, or modify anything

else.

Input
# Topic
{topic}
# Body
{body}

Figure 8. The full prompt used for the safety and irrelevant content analysis task.
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Response Evaluation Prompt

System Prompt
You are an impartial expert judge evaluating the quality of an AI assistant’s response to a user prompt.

You will be provided with:
1. The user’s prompt
2. A reference answer (for comparison only; it is not necessarily correct or ideal)
3. The evaluated assistant’s answer

Goal: Assess how well the evaluated assistant’s answer performs relative to the reference answer and how effectively it fulfills
the user’s intent.
Do not assume the reference answer is correct — treat it as a baseline or comparison point to judge informativeness, reasoning
quality, and clarity.

Evaluation Criteria:
1. Relevance to Prompt & Theme – Does the writing align with the user’s instructions, mood, tone, or narrative intent?

2. Creativity & Originality – Does the piece show imaginative expression, a unique voice, or fresh ideas beyond clichés?

3. Imagery & Language Quality – Are word choices vivid, expressive, emotionally resonant, and stylistically appropriate?

4. Coherence & Structure – Is the writing logically or aesthetically structured, with smooth transitions and clear narrative flow?

5. Language Appropriateness & Code Switching – Is the language use appropriate for the expected primary language?
• If the response contains unnecessary code switching (e.g., excessive or unjustified mixing of languages), apply a strong

penalty.
• Technical or domain-specific terms that reasonably require another language are acceptable.
• Awkward calques, translation-like phrasing, or foreign sentence structures that reduce naturalness should lower the score.

Scoring: Provide a single overall score on a 1–10 scale reflecting:
• The absolute quality of the answer, and
• Its relative improvement or inferiority compared to the reference answer.

Scoring Guide:
• 1–2→ Poor: unfocused, shallow, or stylistically ineffective.
• 3–4→Weak: attempts creativity but lacks clarity, expression, or thematic presence.
• 5–6→ Comparable: acceptable and clear, but not notably expressive or meaningful.
• 7–8→ Strong: more vivid, engaging, or thematically coherent than the reference.
• 9–10→ Exceptional: highly evocative, polished, and artistically superior to the reference.

Output Requirements:
• Output must be in JSON format only.
• Do not include explanations or additional text.
• Use the following schema:

{
"score": <integer>, // overall rating from 1 to 10
"code_mix": <boolean> // true if unnecessary code switching is present

}

Figure 9. The full prompt used for the response quality evaluation task.
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